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Strongly Incremental Parsing

• Shift-reduce parsers differ from human parsing
• Human parsing appears to be strongly incremental

[Marslen-Wilson, 1973]

[Stabler, 2015]

[Sturt and Lombardo, 2005]
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• Human parsing appears to be strongly incremental:
• One word per step: no more, no less
• A single connected partial parse tree
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• We propose a strongly incremental transition system named attach-juxtapose
• The state is a partial tree and the next word
• Actions determine where and how to integrate the next word
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